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Self-supervised Learning, Graphical Models, and Probabilistic ML?! Maybe Later!
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Rainy Hot High False. No
Rainy Hot High True. No
Overcast Hot High False. Yes
Sunny Mild High False. Yes
Sunny Cool Normal False. Yes
Sunny Cool Normal True. No
Overcast Cool Normal True. Yes
Rainy Mild High False. No
Rainy Cool Normal False. Yes
Sunny Mild Normal False. Yes
Rainy Mild Normal True. Yes
Overcast Mild High True. Yes
Overcast Hot Normal False. Yes
Sunny Mild High True. No
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QOutlook | Temp | Humidity | Windy Play?
QOutlook | Temp | Humidity | Windy Play? query: Rainy Cool High TRUE 2
Rainy Hot High False. No Play No 3/5 1/4 4/7 3/6
Rainy Hot High True. No Play Yes 2/5 3/4 3/7 3/6
Overcast Hot High False. Yes
Sunny Mild High False. Yes
Sunny Cool Normal False. Yes guery: Rainy Cool High TRUE
Sunny Cool Normal True. No PlayNo  0.60% 0.25% 0.57% 0.50%
QOvercast Cool Normal True. Yes PlayYes 0.40% 0.75% 0.43% 0.50%
Rainy Mild High False. No
Rainy Cool Normal False. Yes
Sunny Mild Normal False. Yes
Rainy Mild Normal True. Yes
Overcast Mild High True. Yes
Overcast Hot Normal False. Yes
Sunny Mild High True. No
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QOutlook | Temp | Humidity | Windy Play?
QOutlook | Temp | Humidity | Windy Play? query: Rainy Cool High TRUE 2
Rainy Hot High False. No Play No 3/5 1/4 4/7 3/6 X
Rainy Hot High True. No Play Yes 2/5 3/4 3/7 3/6 5 \
Overcast Hot High False. Yes \
Sunny Mild High False. Yes ’
Sunny Cool Normal False. Yes guery: Rainy Cool High TRUE Multiply
Sunny Cool Normal True. No PlayNo  0.60% 0.25% 0.57% 0.50% 0.0000000004286
QOvercast Cool Normal True. Yes PlayYes 0.40% 0.75% 0.43% 0.50% 0.0000000006429
Rainy Mild High False. No
Rainy Cool Normal False. Yes
Sunny Mild Normal False. Yes
Rainy Mild Normal True. Yes
Overcast Mild High True. Yes
Overcast Hot Normal False. Yes
Sunny Mild High True. No
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QOutlook | Temp | Humidity | Windy Play? query: Rainy Cool High TRUE 2

Rainy Hot High False. No Play No 3/5 1/4 4/7 3/6 X

Rainy Hot High True. No Play Yes 2/5 3/4 3/7 3/6 N \
Overcast Hot High False. Yes \

Sunny Mild High False. Yes

Sunny Cool Normal False. Yes guery: Rainy Cool High TRUE Multiply \

Sunny Cool Normal True. No PlayNo  0.60% 0.25% 0.57% 0.50% 0.0000000004286
Overcast Cool Normal True. Yes PlayYes 0.40% 0.75% 0.43% 0.50% 0.0000000006429 Yes 60.0%
Rainy Mild High False. No

Rainy Cool Normal False. Yes

Sunny Mild Normal False. Yes

Rainy Mild Normal True. Yes
Overcast Mild High True. Yes
Overcast Hot Normal False. Yes
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